INTRODUCTION
Brokerage houses usually organize their research activities by country or economic sector. The units of production are financial analysts who dedicate their time and effort to issuing earnings forecasts and recommendations for the set of firms they follow. There are probably different forces that shape how analysts' research is structured such as commonalities across firms, the information environment, customer needs, and cost considerations. No matter what drives analyst specialization, large amounts of money are invested every day on the basis of analysts' recommendations. This makes it important to understand which organization structure gives investors most value.
The information environment and the existence of commonalities across firms are significant determinants of the structure and quality of financial research. 1 The quality of analysts' recommendations is influenced by the availability and quality of information and by the models they use to interpret this information. In addition, information complementarities can facilitate the process of analyzing firms and contribute to a better understanding of firms' economics. They provide a rationale for why analysts tend to specialize and choose portfolios of firms that share certain commonalities. According to Kini et al. (2003) , analysts tend to cover single-country portfolios in countries where national influences are strong, and specialize in firms that belong to a single economic sector in industries where common economic forces are prominent. As they argue, this is consistent with the objective of taking advantage of economies of scale in information acquisition and production to produce highquality research.
The importance of adapting financial research to customer needs is emphasized in Rubino (2003) . 2 Customer needs refers to the way fund managers structure their investment process. Investors who believe that financial markets are segmented try to profit from international diversification. They mostly need country-specific research. For instance, they are willing to know the future top-performing firms within each country. Investors who, on the contrary, are convinced that financial markets are highly integrated rely on sector diversification. For that reason, they tend to value global sector-based approaches. Sector-bysector analysis is then more appropriate to the specific needs of these fund managers.
The forces and constraints that shape how financial research is organized may affect brokerage houses in different ways. In this paper, we evaluate which research structure provides most value to investors. To this end, we explore whether stock recommendations issued by country-specialized analysts contain more information than recommendations issued by sector-specialized analysts, or vice versa. 3 We focus on financial research performed on European equities, for which both country-based research and sector-based research exist. 4 Our findings show that stock recommendations issued by country specialists contain more information than those released by sector specialists. When the recommendation is released, the stock price reaction is stronger for recommendations issued by country specialists. Furthermore, there is additional information provided by country specialists that is slowly incorporated into prices, with a drift lasting up to 20 trading days. Conversely, there is no drift after recommendations issued by sector specialists. We interpret this delayed price reaction for country specialists as evidence of greater information content since it is related to the type of analyst, not the type of firm. Risk shifting, for example, is not a plausible explanation, as for any given firm the drift is stronger after a recommendation issued by a country specialist than after one issued by a sector specialist.
We further explore whether our findings stem from information complementarities and economies of scale in gathering and processing information. More specifically, we evaluate different sources that could explain the informational advantage of country specialists, such as country factors, governance regimes, financial disclosure environments and geographic proximity to the firm. Commonalities across firms may stem from a shared a country of domicile. Firms within a country share the same reporting and governance systems and are subject to similar economic forces. High-quality institutional structures (i.e. highquality disclosure and good governance, which translates into more transparency) have a positive impact on the information environment and may require less country-specific knowledge. Also, with a better information environment, the role of geographic and cultural proximity may be less important.
3 From now on, we interchangeably call country-specialized analysts "country specialists" and sector-specialized analysts "sector specialists". 4 Financial research on US equities is mostly organized along sector lines and for Asian equities country-based research is most preferred. See Reuters Institutional Investor Survey, Institutional Investor Research Group (2002) also mentioned in Kini et al. 2003 . To the contrary, research on European firms, even though biased towards country-based structures, is performed by both country and sector specialists. Approximately 30%, respectively 70%, of the 6587 analysts considered in our sample where sector, respectively country, specialists.
For these reasons, we explore whether the information advantage of country specialists is stronger in countries with lower-quality institutional structures. Our results suggest that the disclosure environment and the legal protection for shareholders partly explain the country specialists' advantage.
Country specialists' advantage may result as well from a geographic advantage. These analysts are on average based closer to the firms they follow and may therefore have better access to private information. They are also generally based within the same country as the firms they follow, thus increasing cultural and institutional proximity, although neither of these dimensions of proximity seems to be a source of a comparative advantage. Our results indicate that neither being close or being located within the same country as the firm is an important determinant of the additional information contained in stock recommendations issued by country-specialized analysts.
We then investigate whether country specialists draw their comparative advantage from recommendations issued for firms headquartered in countries with strong common economic forces. Results show that part of the additional information conveyed by country specialists' stock recommendations can be explained by this factor. Country-specific variables therefore appear to be important determinants. Sector specialists, who may need to summarize these variables when valuing firms from different locations, are at a disadvantage, as they may lose valuable of information.
Even though we perform a battery of tests to check the robustness of our results, we are aware of potential limitations of this study. Some of the variables considered as potential explanations for the differences in the relative information content of recommendations issued by country and sector specialists are quite highly correlated. This makes it a hard task to disentangle the individual effect. For instance, countries with low accounting standards are likely also to provide low shareholder protection. They are also likely to be the smallest national markets in the sample. Therefore, our tests should not be viewed as an unequivocal explanation of the comparative advantage of country specialists. Instead, our results are more likely to indicate under which conditions country specialists bring more information than their sector peers. All of these conditions may not be mutually exclusive.
The paper is organized as follows. Section 2 presents a brief review of the extant literature on the value of stock recommendations. In section 3, we discuss the objectives and constraints that shape brokerage houses' organization of research on European equities.
Section 4 introduces the data and the methodology. In section 5, we focus on financial analysts.
We analyze their portfolio characteristics, how they tend to specialize, and whether there is an informational advantage linked to specialization. Section 6 is devoted to explanations of the comparative advantage that country specialists seem to have over sector specialists. We conclude in section 7.
THE VALUE OF STOCK RECOMMENDATIONS AND ITS DETERMINANTS
Stock recommendations constitute a final output of analyst research and reflect analysts' overall opinion about the value of stocks in relation to their market price. Elton, Gruber, and Grossman (1986) Various studies show that analysts' recommendations convey valuable information to investors. Womack (1996) , Francis and Soffer (1997) , Ivkovic and Jegadeesh (2004) , and Asquith et al. (2005) , among others, document a positive relationship between recommendation upgrades and downgrades and stock prices. Those studies show that significant price reactions occur both when recommendations are released and in the months after. Womack (1996) finds that the drift appears to last up to six months after recommendation downgrades, whereas it is shorter-lived when stocks are upgraded. All of these studies focus on recommendations issued on U.S. equities. A notable exception is Jegadeesh and Kim (2006) , who extend the investigation to the G7 countries. They report that, although abnormal returns are highest in the U.S., recommendation changes significantly affect prices in all G7 countries. They also find that prices continue to drift in the direction of the recommendation change over the following two to six months in all of the countries.
5 See also e.g. Asquith et al. (2005) . They explore additional information pieces contained in financial analysts' reports, such as target price revisions, and the strength of the quantitative and qualitative arguments.
Beyond that, there is limited evidence on the value of stock recommendations in Europe.
Despite the importance that both academics and practitioners attach to the information content of stock recommendations, there is limited evidence on what factors determine the value of those recommendations. Stickel (1995) is among the few authors who analyze the short-and long-term price performance of analysts' recommendations and identifies some contributing factors. He shows that the stock price reaction is positively related to the strength of the recommendation, the size of the brokerage house issuing the recommendation, and the analyst reputation, and is negatively related to the size of the firm. Asquith et al. (2005) report a similar result and show that the price reaction around the release of recommendations is negatively related to the number of analysts following the firm. Ivkovic and Jegadeesh (2004) show that the stock price reaction is weaker when recommendations are released immediately after earnings announcement dates. They conclude that financial analysts add more value by gathering information than by interpreting it. Boni and Womack (2004) support this view, as they show that price reactions to analyst recommendations generally increase with time from the last scheduled earnings announcement. Loh and Mian (2006) results are consistent with the notion that the value of analysts' recommendations is founded in economic rationale and not on other ad hoc firm characteristics. 6 The common theme of the studies cited above is that stock recommendations are valuable because analysts have superior information than the market as a result of their gathering and interpreting skills.
Other studies focus on the analysis of the information content of earnings forecast.
These studies reveal additional variables that can explain the differential information content of analysts' output. Some of these variables are related to geographic factors. In the context of European markets, Orpurt (2004) shows that financial analysts located in the same country as the firms they follow issue on average more accurate earnings forecasts than analysts based abroad. Enlarging the investigation to a sample of 32 countries, Bae et al. (2005) confirms this finding. Malloy (2005) examines another geographic dimension: that of physical distance.
Building on the work by Coval and Moskowitz (2001) on fund managers, Malloy (2005) computes the "fly of bird" distance between analysts and the firms they cover. He reports that proximate analysts strongly outperform analysts located farther away.
Physical proximity, as well as being located within the same country as firms'
headquarters, may therefore also play an important role in the value that analysts deliver to investors.
We further hypothesize that the composition of analysts' portfolios and particularly analysts' specialization may be important in determining the relative level of information contained in stock recommendations. In the next section, we discuss potential explanations that could support this hypothesis.
THE ORGANIZATION OF RESEARCH DEPARTMENTS: COUNTRY VERSUS SECTOR SPECIALIZATION
The quality of analysts' recommendations is influenced by the availability and quality of information and by the models or skills used to process this information. These are broadly the two sources of value in analysts' recommendations. Ivkovic and Jegadeesh (2004) show that the dominant source of analysts' value lies in the quality of information rather than its interpretation.
To exploit economies of scale in gathering information, Kini et al. (2005) show that analysts tend to specialize and choose portfolios of firms that share certain commonalities.
Commonalities across firms may stem from sector-or country-specific factors. If analysts think that firms' earnings and value are largely driven by common factors within an economic sector of activity, they may choose to follow only companies within a sector. Similarly, country specialists will tend to follow only firms located in the same country and for which national forces may be the most significant driver of future earnings.
The organization of research may also be shaped by other forces and constraints.
Despite the predictions of Kini et al. (2005) , when we look at analysts' portfolios, we find that firms are often followed by both country and sector specialists. That is, there are sector specialists following firms that have important country-factor commonalities and vice versa.
It is probable that when choosing their portfolios, analysts' weigh forces and constraints beyond economies of scale in gathering and interpreting information.
If some analysts' portfolios benefit from the information environment more than others, it is plausible that the quality of analysts' forecasts and the value they deliver to investors differ.
Actually, we expect that recommendations issued by analysts whose portfolios benefit most from the existence of commonalities across firms are those that are more informative about the true value of the firm. For example, if the earnings of a given firm are driven largely by country economic forces, we would expect country specialists to benefit from economies of scale in using country-specific information and to issue superior forecasts and recommendations. In fact, Sonney (2005) shows that country specialists issue on average more accurate earnings forecasts and finds that geographical proximity constitutes a significant determinant of this superior performance. Yet better accuracy need not necessarily translate into more informative recommendations. 7 In our example, sector specialists could be at a disadvantage in terms of economies of scale in gathering and using information; however, they could benefit from using a valuation model that captures well the economics of the sector that they follow. Indeed, Demirakos et al. (2005) It is well documented that complexity affects the accuracy of analysts' earnings forecasts because processing limitations and shortages of time cause some information to be excluded or simplified. So, it may well be that it also has implications for the value of stock recommendations; see Plumlee (2003) , Brown (1987) , Haw et al. (1994) , Lang and Lundhom (1996) , Duru and Reeb (2002) , Clement (1999) , Malloy (2002) , Clement et al. (2003) . An important source of complexity for country specialists lies in the fact that they follow firms in different sectors. Therefore, there may be a limit to the sector-specific information they can process. For sector analysts, complexity arises from following firms from different countries.
They need to obtain country-specific information for each country represented in their portfolio. Before using this information, they need to standardize it across firms.
7 Loh and Mian (2006) document a positive association between the value of recommendations and the quality of forecasts for U.S. equities. Relying on their findings, they argue that stock picking ability is founded on economic rationale and not on ad hoc firm-specific characteristics. See Jegadeesh et al. (2004 ), Cornell (2001 and Bradshaw (2004) . 8 The analysis of strategic issues and R&D projects is the critical part of the valuation process in the pharmaceuticals industry, whereas the brand strength, and innovative skills and competence in technology are the center of attention respectively in the beverages and electronics industries.
This standardization may lead to a loss of information value that may be larger when country-specific factors are more important. If country-specific information appears to be more important to assess the investment potential of a firm than sector-specific information, then sector specialists may be at a disadvantage.
Several studies provide evidence that country factors are important. These studies stress that there are still numerous divergences among national markets. Since the mid-1990s
and the work of Rouwenhorst (1994, 1995) , much attention has been devoted to the relative impact of industry and country factors on stock returns. Rouwenhorst (1994, 1995) , Beckers et al. (1996) , and Griffin and Karolyi (1998) , among many others, conclude that country factors are more important determinants of stock returns than sector factors. More recently, Cavaglia et al. (2000) and Baca et al. (2000) reveal a growing influence of industry factors. Moreover, their results lead to the impression that sector factors may even have become more important than country factors at the end of the 1990s. However, as is apparent in the work by Adjaouté and Danthine (2003) , the relative influence of country and sector factors in stock returns appears to follow cycles. The Cavaglia et al. (2000) and Baca et al. (2000) studies would very likely have returned the same results if they had been carried out in the mid-1970s. Our reading of this literature is that country-specific factors still exist and may even have strong impacts on firms' earnings and stock prices. Thus, these studies suggest that country commonalities across firms are important; country specialists therefore, could have an advantage over sector specialists.
Despite of the overwhelming evidence that country-specific factors may still play an important role, professional circles currently seem to favor a global-sector-based approach.
Focusing on international fund managers, Galati and Tsatsaronis (2001) we also obtain the market index SP350 Europe (euro currency) that we use as a benchmark.
The availability of market data for each firm imposes additional restrictions on our final sample, which includes only firms with available price and recommendations data in both the I/B/E/S and Datastream databases.
Other sources are used to obtain further relevant data and control variables that we introduce in following sections. The Worldscope database provides us with data on the geographic locations of firms' headquarters. 9 In general, analysts following Japanese firms are country specialists, whereas research on US firms tends to be structured according to sectors. to compute the distance between analysts and the firms they follow are extracted manually from the Website www.heavens-above.com. Finally, we obtain the country-specific variables relating to accounting standards and shareholder protection used by La Porta et al. (1998) from the Center for International Financial Analysis and Research and.
Analysts' Specialization
As a next step, we classify all analysts according to their specialization. To this end, we compute the Herfindahl Index (HI), a concentration ratio that is generally used as an indicator of the degree of competition in an industry. This ratio allows us to classify as sector (country) specialists those analysts that concentrate on firms within the same sector or industry (country). It is possible that sector (country) specialists also issue recommendations for firms that belong to other sectors (countries) but this activity is marginal. The advantage of using this measure to classify analysts according to their specialization is that it is based on concentration. For example, it allows us to classify as a sector specialist an analyst who follows ten firms in the same sector and one firm in a different sector. An alternative classification could consist of defining as sector (country) specialists only those analysts following firms in a single sector (country). But this measure would be much more restrictive, and would not consider the analyst in our example a sector specialist.
For each analyst, we compute both a sector and a country HI as follows (N s,a,y ) is the number of firms in country c (sector s) for which analyst a issued forecasts over fiscal year y. N a,y is the total number of firms followed by analyst a over fiscal year y.
A country HI takes a value of 1 (i.e., its maximum value) when the analyst follows firms that are all headquartered within a single country. Similarly, a sector HI takes value of 1 when the analyst follows firms that are active in one sector.
Analysts who also follow few firms in other countries (sectors), but who devote most of their attention to firms within a single country (sector) will have a country (sector) HI close to one. HI values go towards zero as analysts' portfolio diversification increases.
Each analyst is classified as a country specialist if her or his country HI is larger than 0.90 and her or his sector HI is smaller than 0.90. Each analyst is classified as a sector specialist if her or his sector HI is larger than 0.90 and her or his country HI is smaller than 0.90. 10 For the purpose of our analysis, we take only analysts who are either country or sector specialists. We drop analysts who follow many countries and many sectors and analysts who mainly follow only one sector in one country.
Event Study
To evaluate the information content of analysts' recommendations, we compute abnormal returns around the day that an analyst issues a recommendation. For that, we follow standard event-study methodology as in Brown and Warner (1985) . The event day is the day the recommendation is issued as reported by I/B/E/S. Following existing literature, we define the estimation period as the interval [-200,-11] with respect to the announcement date.
Abnormal returns are the prediction errors from the one-factor OLS market model calculated over the estimation period, where the explanatory factor is the market index SP350 Europe.
Both stock returns and the market index are log-differences computed in euros.
Our sample includes some small firms that are thinly traded. Infrequent trading can be problematic, as it can induce autocorrelation in stock returns. To appropriately account for that possibility, we follow the Maynes and Rumsey (1993) "trade-to-trade" approach. They
show that the use of "trade-to-trade" returns leads to correct estimations for all levels of trading frequency.
where n t is defined as the length of the non-trading interval ending at date t. , t i n P is the last quoted price before the non-trading interval, in euros. The abnormal return is computed as the difference between the actual return and the expected return over the event window as follows:
, , , , ,
is the market index return over the non-trading period that matches the stock return. , t i n α and β are the WLS coefficients calculated over the estimation window.
The errors from the "trade-to-trade" adjusted one-factor model are heteroskedastic with variance 2 t i n σ . To correct for heteroskedasticity, the data are divided by the square root of n t (weights).
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Once we have obtained abnormal returns we cumulate them over the following intervals [-1,+1], [+2,+20] and [+21,+60], and we obtain CABNRET, CABNRET20 and CABNRET60 correspondingly. CABNRET allows us to evaluate the market reaction at the time when stock recommendations are issued. The other measures provide us with some insight into whether a price drift follows the date when the recommendation is issued. We find that the mean CABNRET is 0,31% for upgrades and -0,38% for downgrades. This is much lower than cumulative returns reported for US firms but it is in line with results in Dubois and Dumontier (2008) and Jegadeesh and Kim (2006) who provide estimations for countries such as UK, France, Germany and Italy. Also consistent with these studies, for the period [-1,+60], the mean cumulative abnormal return is 0,66% for upgrades and -0,89% for downgrades.
11 Alternatively, we also compute size and mean adjusted abnormal returns (unreported) and re-estimate model (1) and (2) below. The results are qualitatively similar to the ones reported in the paper.
Cross-Sectional Regression Tests
Here, we introduce the approach that we follow to examine the relation between the price reaction, recommendations, and the structure of analysts' portfolios. We consider that the price reaction is related to the direction and the magnitude of the recommendation change.
For that, we define SURP as in Jegadeesh and Kim (2006) If recommendation changes convey information that affects stock prices, we expect the slope coefficient β to be significantly positive. To test whether country-specialized analysts issue more informative stock recommendations, we expand model (1) Stickel (1995) argues that large brokerage houses have the resources to disseminate stock recommendations more efficiently to investors. Also, in large brokerage houses, analysts have more resources to gather and process information. It is therefore likely that their results may be of higher quality and as a consequence have a stronger impact on stock prices. Stickel (1995) indeed shows that the stock price reaction to recommendation releases is larger when recommendations are issued by analysts working for large brokerage houses. To control for this effect, we rank brokerage firms based on the number of analysts employed over a given year. Then we define BRKSIZE, a dummy variable that equals one if the broker belongs to the highest size deciles and zero otherwise.
Large firms are in general followed more actively by financial market participants.
Therefore, the marginal information brought to the market by recommendations issued on large firms and followed by a large number of analysts is likely to be of less investment value than the recommendations issued on less frequently investigated firms. A measure that is commonly used as a surrogate for the firm's information environment is the number of analysts following the firm. Thus for each recommendation, we define NUMANA as the number of analysts who issued at least one recommendation on the firm over the 360 days preceding the recommendation release. The firms' market capitalization MV is another measure that is commonly used, see Stickel (1995) .
In fact, as is noted by Asquith et al. (2005) , both MV and NUMANA serve as proxies for the firm-specific information environment that less actively followed firms may have compared with more widely followed firms. Since these two measures are correlated we only consider NUMANA in our estimations; however, we note that our results remain virtually the same if we substitute NUMANA by MV. Ivkovic and Jegadeesh (2004) show how the price reaction depends on whether the recommendation precedes or follows the earnings announcement date and also on how close the recommendation is to the earnings announcement date; see also Boni and Womack (2004) . We include three dummy variables to account for the differential information content of recommendations issued before and after earnings announcements. First, PAGE (i.e., precedes an earnings announcement) equals 1 if the recommendation is issued within the 10 days preceding an earnings announcement date and zero otherwise. FAGE (i.e., follows an earnings announcement) equals 1 if the recommendation is issued within the 10 days following an earnings announcement date. Finally, the variable CAGE (i.e., contemporaneous with an earnings announcement) is equal to 1 if the recommendation is released on the same day as the earnings announcement. The use of these three control variables has a double objective. They are aimed at controlling for the varying level of information content of recommendations reported by Ivkovic and Jegadeesh (2004) and Boni and Womack (2004) .
They also have the objective of avoiding the possibly confounding effect of earnings announcements and recommendation releases that occur within the same couple of days.
Intuitively, the value of recommendations should also depend on whether they are issued right after other recommendations for the same firm or on whether they are lead recommendations. Cooper, Day and Lewis (2001) suggest that the timeliness of the recommendation can be relevant in explaining abnormal returns. To account for this possibility, we follow Dubois and Dumontier (2008) and compute TIMELINESS as the number of recommendations issued during the previous month for the same firm. The larger is TIMELINESS, the lower the information content of a new recommendation and the lower its price impact. In addition, to avoid confounding effects we discard all recommendations that are issued simultaneously in the window [-1,1] by both country and sector specialists.
The explanatory variables that we use as controls are expected to have reverse signs for upgrades versus downgrades. Since we stack upgrades and downgrades in our estimations,
we multiply all control variables by a variable that equals 1 for upgrades and -1 for downgrades.
Finally, to detect the possibility that the reaction to the recommendation surprise depends on the sign of the surprise (Hayn, 1995), we define one last variable ASYM, a dummy that equals one for upgrades and zero otherwise. Then, we interact ASYM with SURP to control for any asymmetric price reaction to recommendation upgrades versus downgrades. an average of 17.1 and 18.2 recommendations per year respectively. However, the focus seems to be different across specializations. Sector specialists focus on more actively followed firms. The average number of analysts following firms analyzed by sector specialists is 27.2, which is well above the average of 16 for country specialists.
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DESCRIPTIVE STATISTICS AND BASIC RESULTS
Descriptive Statistics
The third row of the table indicates that country specialists follow on average 1.04
countries. In fact, a country specialist may follow up to four countries. This gives support to our definition of specialization. That is, the use of Herfindahl indices allows us to consider as country specialists analysts who spend most of their time analyzing firms headquartered in a single country, but who may also follow a small number of foreign firms. The same holds true for sector specialists who follow an average of 1.09 sectors. In fact, there are sector specialists who follow up to six industries over a given year but concentrate their efforts on firms within a single sector. The average number of sectors followed by country specialists is three, which is equivalent to the average number of countries followed by sector specialists. This is surprisingly low. 13 The literature on the accuracy of earnings forecasts documents that analysts' experience also plays an important role explaining accuracy. For this reason, in unreported results, we also examine whether experience significantly explains abnormal returns to analyst recommendations and we find that it is not the case. Due to data constrains adding experience reduces significantly our sample, but our results remain virtually unchanged.
Even though sector and country specialists may follow up to 25 countries and 11
sectors respectively, these figures may indicate that brokerage houses try, in many instances, to specialize on both the country and the sector dimensions.
A noticeable difference between the portfolios of country and sector specialists is the size characteristics of the covered firms. Country specialists follow on average far smaller firms than their sector counterparts. Figure 1 provides additional evidence on the size distribution of firms followed by each type of analyst. The distribution for sector specialists is clearly shifted to the right, which indicates that larger firms are more actively followed by this type of analyst.
Insert Table 1 About Here
Geographic location is also an important differentiator between country and sector specialists. Country specialists are on average located closer to the firms they follow. The average distance of 176 kilometers is mainly due to the fact that country specialists are mostly based within their country of expertise. Indeed, 87.8 percent of them are located in the same country as the firms they follow. Perhaps more interestingly, 41.3 percent of the recommendations issued by sector specialists relate to local firms. Although they follow more than three countries on average, sector specialists seem to tilt their activities towards domestically headquartered firms.
The type of brokerage house country and sector specialists work for also delivers interesting insights. Whereas country specialists are almost equally spread across large and small to medium brokerage houses (51.3 percent of them are working for large brokerage houses), 81.1 percent of sector specialists belong to large brokerage houses. An interesting statistic is provided by the two last rows of the table. These lines show how brokers organize research in general. It indicates that small-and medium-size brokerage houses are mainly country-focused. On average, 85.1 percent of the analysts employed by these institutions are country specialists. In large brokerage houses, the country dimension is less pronounced, with only about half of the analysts being country specialists. These percentages are more widely dispersed in the sector-by-sector analysis of panel B. The relative percentages of country and sector specialists range from 68.8 percent in the health care sector to 96.5 percent in the technology sector. An exception is the financial sector, which is followed mostly by sector specialists. The very high proportion of country specialists in the technology sector is surprising. A potential explanation may rely on the fact that firms in the technology sector are mainly small-capitalization stocks. As small firms tend to be more actively followed by country specialists, this may indeed explain why country specialists dominate so reliably in the technology sector. Table 2 also gives strong support to the firm-size characteristics already reported at the global level. Indeed, the small-firm bias of country in relation to sector specialists is not peculiar to a specific country or sector. Country specialists follow smaller firms than sector specialists in every country and sector. On average, firms followed by country specialists are a third the size of those followed by sector specialists.
Insert Figure 1 About Here
The country-by-country average distance for sector specialists ranges from 334 to a high of 1,349 kilometers. The average distance between sector specialists and the firms they follow is greatest for Austria, Finland, and Portugal. Also, the percentage of local sector specialists is relatively low in these countries, below 3.1 percent. To the contrary, the average distance for sector specialists in large markets such as France, Germany, and the UK is 385, 668, and 353 kilometers respectively. The percentage of local sector specialists is also far more important than in small markets. Altogether, this may show that large brokerage houses are reluctant to put business branches in small markets.
In table 3, we report the distribution of recommendations. We first note that the conclusions are not much different from those reported in studies on the U.S. market. In
European countries, as in the U.S. market, analysts are reluctant to issue strong sell recommendations, but this type of recommendation occurs slightly more often in Europe than in the U.S., representing 6.3 percent of the total recommendations issued over the sample period. Our aim in constructing this table was to check whether there were significant differences in the behavior of both country and sector specialists. It could be that potential conflicts of interest affect country and sector specialists differently, or that one group is more optimistic than the other. If country analysts have better access to private information, they may be tempted to issue positively biased forecasts in order to preserve their privileged relationships with firms' management. On the other hand, sector specialists could be those who are the most affected by conflicts of interest, as this type of analyst generally works for larger banks and brokerage houses, which are more likely to be active in the investment banking industry.
Insert Table 3 About Here Table 3 indicates that there does not seem to be a difference in the behavior of the two groups of analysts. In fact, country specialists tend to issue more extreme recommendations than sector specialists. They issue on average a higher percentage of strong buy, as well as a higher percentage of strong sell recommendations. As is shown by the F-statistics for the difference in means, both differences are statistically significant, even though they do not appear to be economically large. Sector specialists, on the other hand, seem to rely more heavily on hold recommendations than their country specialist peers.
Does the Information Content of Recommendations Depend on Specialization?
Before investigating whether the information content of recommendations depends on whether analysts are country or sector specialists, it is crucial to confirm that stock recommendations on European firms do contain valuable information. This has been shown to be the case within the US market, but we have limited knowledge about the value of stock recommendations in Europe. To this end, we first estimate model (1).
14 Results are presented in Table 4 . As reported in the context of the US market, column
(1) shows that the initial stock price reaction is positively related to recommendation changes.
Columns (2) and (3) further show that there is also a drift that appears to last at least up to 60 days following the recommendation release. All of the coefficients on SURP are statistically significant at high confidence levels. In columns (4) to (6) we add various control variables.
The initial stock price reaction related to broker size is strongly significant and similar to what is reported by Stickel (1995) in the context of the US market. In addition to a contemporaneous relationship, the price drift continues to be related to brokerage size, which emphasizes the need to control for broker size in subsequent tests.
Then we observe that the number of analysts covering the firm is also a significant determinant of the amount of information contained in stock recommendations. This supports the notion that the firms' information environment may play a role in the strength of market participants' reaction to newly issued recommendations. Precisely, we find that the market tends to react contemporaneously more to stock recommendations issued on firms with extensive analyst coverage. This finding contrasts with our prediction outlined in section 4 that the relation between NUMANA and the price reaction to recommendations releases was expected to be negative. It also evidences that the relation between the information environment and the price reaction to analyst recommendations is complex. In fact, there are some studies such as Bailey, Karolyi and Salva (2006) among others, that document a positive association.
14 Even though it has been shown that the recommendation changes are more relevant that the recommendation levels, in alternative tests we also control for the level of stock recommendations. We follow two alternative approaches. First we define a variable that we call SURP⋅Level and it is constructed as follows: it is the SURP variable multiplied by 2 if the newly issued recommendation is a strong buy or strong sell, multiplied by 1 if it is a buy or a sell and by 0 if it is a hold. Then we replace SURP by SURP⋅Level in the regressions. A second approach to control for the level of the recommendation together with the magnitude consists on adding a dummy variable to the basic regressions that takes value 1 if the recommendation is a strong buy or a strong sell. Given that controlling for the level of the recommendation in any of the two described approaches does not alter our inferences we do not report the results here, but they are available upon request from the authors.
Then when we look at column (5) and (6), the the association between NUMANA and price reaction reverses and becomes negative. Overall, we find that NUMANA is negatively related to the cumulative price reaction over the period [-1,+60] . [Write this up in section 4.]
Among the variables aimed at capturing differences due to contemporaneous earnings announcements, CAGE appears to be the most significant. Indeed, recommendations issued on the same day as earnings announcements look as if they convey significantly more information than recommendations issued at other times. Probably, this result reinforces the idea that one has to control for contemporaneous earnings announcements to avoid the confounding effects of these two simultaneous pieces of information brought to the market.
TIMELINESS is negative and significant across specifications indicating that recommendations following other recommendations issued on the same firm are less informative than fresh and newly issued recommendations. In column (4), ASYM is not statistically significant which suggests that there is no asymmetry in the initial stock price reaction to upgrades and downgrades. This result contrasts to what is observed for US recommendations: a stronger price reaction for downgrades than for upgrades. Surprisingly, in column (5) and (6) the price drift following the recommendation release is stronger for upgrades than downgrades while for US recommendations we tend to observe the reverse.
However, we note that this is consistent with the results reported in Jegadeesh and Kim (2006) who find no asymmetric price response to upgrades and downgrades or even a stronger price reaction to upgrades in several of the G7 countries (i.e. Canada, UK, Italy).
Insert Table 4 About Here Overall, Table 4 confirms that recommendations on European firms do convey valuable information as in the U.S. market. Also, most of the characteristics considered, which have been shown to affect the information content of recommendations within the US market significantly, turn out to be significant in the context of Europe as well. Therefore, in all the regression models we estimate in the rest of the paper, we include all of these variables as controls.
environment and the existence of common forces driving firm's earnings. We also argued that other forces also affect how analysts define their portfolios. If this is true, the composition of analysts' portfolios and particularly analysts' specialization may be important in determining the relative level of information contained in stock recommendations. We expect that recommendations issued by analysts whose portfolios benefit most from commonalities across firms are more informative of the true value of the firm. Having shown that European stock recommendations affect prices significantly, we now turn to the analysis of whether recommendations issued by country and sector specialists provide investors with differing levels of information.
To test for the relative information content of recommendations from country and sector specialists, we estimate model (2). Table 5 presents the results. Column (1) shows no significant difference between the price reaction to recommendations issued by country and sector specialists. However, column (4) shows a different picture when we control for the various dimensions that can also influence the price reaction. We observe that at the time of the recommendation release, the stock price reaction is economically stronger when the recommendation is issued by a country specialist. An F-test with a p-value of 0.08 reported in the last row of column (4) confirms that this difference is statistically significant. Thus, the market seems to react differently to recommendations issued by country and sector specialists at the time of the recommendation release. Furthermore, we also observe that the price continues to drift over the window [+2,+20] only for recommendations issued by country specialists though the statistical significance is only marginal. We argue that country specialists bring additional information that is not incorporated into prices at the time of the recommendation release. In contrast, the coefficients on recommendation changes issued by sector specialists are statistically insignificant; indicating that this type of analysts does not bring any new information to the market beyond what it is captured by control variables. The p-values for the tests of the difference between the coefficients on country and sector specialists support this insight.
Insert Table 5 About Here
Country specialists seem to bring additional information that is not incorporated into prices at the time the recommendation is released, although statistical significant is only marginal. We interpret this finding as evidence that the price drift is related to the information advantage of country specialists. That is, recommendations issued by country specialists contain more information that is slowly incorporated into prices over the window [+2,+20].
This delayed price response could be a result of traders failing to assimilate the information provided by country specialists. It could also be explained by the existence of transaction costs that exceed the potential gains from exploiting the information. It is not possible for us to distinguish between these two possible explanations and doing so is beyond the scope of the paper. What we rule out is the possibility that the price drift is due to a change in the underlying risk, since the delayed price reaction is related to the type of analyst and not to the type of firm. Indeed, results remain similar when the sample is restricted to the subset of firms that are followed by both country and sector specialists.
EXPLAINING THE DIFFERENTIAL INFORMATION CONTENT
In the previous section, we documented that country specialists issue more valuable recommendations than sector specialists. This result could be attributed to the existence of commonalities across firms that are followed by country analysts. It could also be due to economies of scale that they realize when evaluating country factors. In particular, country factors may stem from particularities in institutional, accounting, fiscal, legal, or cultural aspects that make countries differ. Advantages linked to geographic location could also provide country specialists with the opportunity to produce higher quality recommendations.
In what follows, we explore these possibilities.
To do so, we expand our initial model in the following way: 
Institutional Factors
High-quality institutional structures (i.e., high-quality disclosure and legal system, good governance) have a positive impact on the information environment and may require less country-specific knowledge. 15 A system with high-quality institutions is consistent with improved corporate governance and greater disclosure and transparency. It could be that highquality institutions (quality disclosure and corporate governance) affect the economies of scale that can be realized with specialization and a good understanding of country institutions.
Another possibility is that better disclosure and governance imply a lower correlation of firm future earnings with the potential information and agency costs that arise with poor-quality institutions. In poor governance settings, firm value may be affected to a larger extent by agency problems that are common to all firms subject to the same legal rules. In this setting, country specialists may be at an advantage in understanding the extent to which agency problems affect value for this group of firms. This advantage disappears as agency costs are reduced through improved governance.
Therefore better disclosure and governance may lead to lower commonalities across firms' future earnings. There is still another possibility to explain why high-quality institutions may lower the benefits from specialization. An enhanced information environment makes it less costly to acquire and process information not only for analysts but for investors in general. Potential economies of scale being less relevant, it could be that analysts' information advantage over the market diminishes. If these institutional particularities play a role in the way analysts can process information and benefit from economies of scale, then we expect to find that the information advantage of country over sector specialists occurs only for firms located in countries with poorer disclosure standards and corporate governance.
In our analysis, we include country-level variables that allow us to explore whether corporate governance and the quality of disclosure play a role in the results we document.
Following the corporate governance literature, we define the variable PROT as a measure for the quality of legal protection offered to minority investors in a given country. PROT is the anti-director rights index as presented in La Porta et al. (1998) . The index ranges from 0 to 5, and it measures the strength of laws and regulations in each country that aim to protect minority shareholders. Following the disclosure literature, we also consider the ACTG index produced by the Center for International Financial Analysis and Research and used by La Porta et al. (1998) . It is a measure of the quality of accounting standards in the country where firms are incorporated. 16 Specifically, we define a high protection (HPROT) dummy variable that equals 1 if the anti-director rights index is above the sample median value and 0 otherwise. We also define a dummy variable for high disclosure, HACTG, which equals 1 if the ACTG index is above the sample median and 0 otherwise. Also, we consider total market capitalization as a proxy for the extent to which each country's financial market is developed.
This variable has been widely used as a proxy for the quality of the information environment.
We divide our sample into high and low national market capitalization, and set the dummy variable HMKTSIZE equal to 1 if market capitalization is above the median and 0 otherwise.
Therefore, we successively set FACTOR = HACTG, HPROT, and HMKTSIZE.
15 Ball et al. (2000) , Morck et al. (2000) , Rajan and Zingales (2003) and Chang et al. (2001) Table 6, panel A the main results from Table 5 . Also, we do not report the coefficients on control variables, so as to avoid presenting extensive tables.
17 With regards to estimations for both accounting index and anti-director rights, we first remark that the initial stock-price reaction does not depend on whether recommendations are issued in high or low accounting index or anti-director rights countries. In fact, the overall information content of stock recommendations issued by country specialists is similar in countries with high-and low -quality institutions. However, the post recommendation price reaction is stronger for those recommendations issued by country specialists that refer to firms located in countries with lower quality institutions. The coefficients on country specialists after the initial stock price reaction are all positively and significantly related to cumulative abnormal returns only in low accounting index and anti-director right countries. Coefficients on sector specialists do not show any statistical significance in any case. Second, the additional information brought to the market by country specialists is more pronounced in low ACTG and PROT countries.
Coefficients on country specialists in countries with low institutional variables are always larger than those in countries with high institutional variables and the difference between coefficients is statistically significant.
In table 6, the last section of panel B focuses on the breakdown by stock market capitalization of the country in which the firm is located. This is an ad hoc check of whether the relative advantage of country specialists is concentrated in firms for which the information environment is poorer. In such markets, country-specialized analysts may obtain benefits from commonalities that are supposedly large. Indeed, the comparison of the coefficients on recommendations issued by country specialists in small and large markets reveals that the information content of recommendations is more pronounced in the former. Here, this differential informativeness is partly acknowledged by investors, as the difference is statistically significant at the time of the recommendation release (p-value: 0.048).
Insert Table 6 , panel A and B
17 Complete tables with coefficients on control variables are available from the authors upon request.
Overall, these results suggest that institutional factors may explain part, but not all, of the informational advantage of country specialists over sector specialists. On average, country specialists issue more informative recommendations in small countries and countries with low accounting standards and low minority shareholder protections. Moreover, the information content of stock recommendations issued by country specialists remains higher than for sector specialists even in large markets and when accounting standards and shareholder protection are high. We acknowledge that the information advantage is only gradually incorporated into stock prices especially in countries with poorer quality institutions.
Proximity Factors
A few papers study information asymmetries due to proximity in the context of financial analysis. Bae et al. (2005) to the firms they follow and those farther away. He concludes that, within the US, geographically proximate analysts issue on average more accurate earnings forecasts.
Whereas Malloy focuses on physical proximity and uses measures that capture distance between analysts and firms, Bae et al. (2005) and Orpurt (2004) focus on different measures of proximity; that is, local versus foreign analysts. Being local reflects not only physical proximity but also other dimensions of proximity such as cultural, economic or institutional. These papers do not try to evaluate which dimension of proximity is relevant, probably because data on physical distance is hard and tedious to get.
In this paper, we capture these two dimensions of proximity. First, we compute the distance between analysts and the firms they follow. Second, we classify analysts as local or foreign, depending on whether they are located in the same country as the firms they follow or abroad. These two geographic dimensions do not have the same implications for sources of information advantage. In the first case, analysts may have better access to private information, as they are located close to the firms' headquarters. They can visit the firm on a regular basis and build solid relationships with management.
In the second case, the advantage that local analysts may have is more likely related to better knowledge of country characteristics. One may think of language, fiscal policies, regulations and cultural and institutional dimensions. [ add sonney 2007) Therefore, we make a clear distinction between the advantage due to being local, as opposed to foreign, and the physical proximity advantage, as opposed to being located geographically far away from firms' headquarters. To compute the variables that relate to these two dimensions, we proceed as follows. We first take from I/B/E/S analysts' names and the brokerage houses they work for. Then, year by year, we search in different editions of the Nelson Information's Directory and obtain the city in which each financial analyst is located.
Finally, for each recommendation with available geographic information on the analyst and the firm, we compute the distance between the analyst who issued the forecast and the firm for which the forecast was issued. 18 We define a dummy variable called DISTANCE that equals 1 if the analyst is located less than 100 kilometers away from the firm and 0 otherwise 19 . From the same information set, we also determine whether analysts are located within the same country as the firms they follow. For each recommendation, we compute LOCAL, a dummy variable that equals 1 if the analyst and the firm are located in the same country and 0 otherwise.
The results are reported in Table 6 , Panel C. Surprisingly, within-country location does not appear as a potential explanation for the better performance of country specialists. In fact, the coefficients are larger for local than for foreign country specialists and sector specialists but they are not statistically significant. We note that the lack of statistical significance of these results may come from a sharp reduction in the size of the sample, coupled with the fact that only a small portion of country specialists are located abroad.
Results for proximity as defined by analysts being located geographically close to the firms, also lack statistical significance. Both proximate and more distant country specialists outperform sector specialists, and the coefficients on these two types of country specialists are close to each other in the first two periods. However, the coefficients are not statistically significant. As such, it seems that proximity is not a source of advantage. But we remain careful in our interpretation as these tests certainly suffer from the same data availability problem as before. 18 The formula used to compute the distance (Dist) between to cities A and B is given by ( ) Insert Table 6 , panel C
Country Factors
Country factors represent common economic forces driving firms' future earnings beyond those related only to institutional factors. In this section, we test whether country factors explain the advantage of country over sector specialists. For that purpose, we follow Heston and Rouwenhorst (1994) and estimate from stock index returns the "pure" country factors. This method returns, for each country in the sample, a time series of country factors.
We then compute, on an annual basis, the variance of each country factor. It serves as a proxy for the strength of national influences in the country. Countries with important national specificities have a high country-factor variance. We then rank countries on the basis of their country factor variance. Recommendations issued on firms in countries with a country factor above the median country factor are classified as high country-factor recommendations. The dummy variable HFACTOR takes the value 1 for recommendations issued in these countries and 0 otherwise.
We hypothesized that country specialists may draw their relative advantage from countries in which commonalities among firms are large. If so, recommendations issued by country specialists on firms in countries with high country factors should convey more information than recommendations in countries with low country factors. Results are reported in table 6, panel D and they marginally confirm our hypothesis. The initial stock price reaction is identical for recommendations issued by country specialists in low and high country-specific factor markets. These coefficients are 0.08 and 0.07 percent respectively, and the test for their statistical difference reports a p-value of 0.779. However, the coefficient on country specialists in countries with high commonalities is much larger than the coefficient on country specialists in low commonalities countries in the [+21;+60] period and the difference is significant at the 10% level. 
Insert
CONCLUSION
Brokerage houses usually organize their European research departments along either country or sector lines. Their research activities aim to provide valuable information and advice to investors. Our goal is to evaluate which form of organization provides most value to investors. In this paper, we document that the value contained in analysts' stock recommendations is related to how analysts structure their portfolios and research activities.
We compare the information content of stock recommendations issued by country specialists and sector specialists. We show that the former outperform sector specialists, in the sense that their recommendations convey more information to the market.
We investigate potential sources of the information advantage country specialists enjoy. Results show that the information content of their recommendations is higher in countries with low accounting standards and weak shareholder protection. It is also higher for firms located in countries with low market capitalization. Our results, however, indicate that geographical and cultural proximity provides a weak explanation for the superior performance of country specialists. Thus, location and proximity does not seem to be a source of comparative advantage, contrary to what some studies document for earnings forecast accuracy. Last, we observe that the relatively better performance of country specialists is highest in countries with relatively strong country-specific factors.
incomplete price reaction at the time the recommendation is released that continues to drift for up to 60 days. This delayed price response could be the result of traders failing to assimilate the information provided by country specialists. It could also be explained by the existence of transaction costs that exceed the potential gains from exploiting the information. It is not possible for us to distinguish between these two possible explanations, and doing so is beyond the scope of the paper. What we rule out is the possibility that the price drift is due to a change in the underlying risk, since the delayed price reaction is related to the type of analyst and not to the type of firm. We include all analysts following European firms. However, to reach a clear picture of analyst portfolio characteristics, a worldwide sample of firms is considered in some instances. The reason is that sector specialists do not (always) restrict themselves to European firms and the comparison with country specialists would be worthless if one considered European firms only. "Avg. number of firms," "Avg. number of recommendations," "Avg. number of countries," and "Avg. number of sectors" indicate the average number of firms each specialization type of analysts follows, the average number of recommendations issued by analysts, and the average number of countries and sectors followed by analysts. All of these variables are computed on a yearly basis from a worldwide sample of firms. The rest of the table refers to a sample restricted to European firms. "Avg. number of analysts per firm" is an indication of the average number of analysts who follow a given firm on a yearly basis. "Avg. firm size" is the average market capitalization of firms in analysts' portfolios. "Avg. market size" is the average size of the national markets followed by analysts. "Avg. distance" is the average number of kilometers between analysts and the firms they follow. "Local" stands for analysts located in the same country as the firms they follow. By contrast, "foreign" analysts are based abroad. "Large brokers" are those in the top broker size-decile. "Small and medium brokers" constitute the remainder. The percentage of analysts in large and small/medium brokerage houses indicates for which type of brokers financial analysts work. "Brokerage structure", which is reported in the last two rows of the , where the values of 0 t and 1 t are expressed in days. SURP is the surprise, or difference, between each newly issued recommendation and the last recommendation previously released by the same analyst on the same firm. The values 1 to 5 are respectively assigned to Strong Buys, Buys, Hold, Sell, and Strong Sell recommendations. SURP therefore takes discrete values that range from -4 to +4. The set of controls variables includes BRKSIZE (a dummy variable that takes the value 1 if the recommendation was issued by an analyst working for a large brokerage house and 0 otherwise), NUMANA (the number of analysts having issued recommendations on the firms over the last 360 days), PAGE (a dummy variable that takes the value 1 if the recommendation 'P'recedes an earnings announcement date by less than 10 days and 0 otherwise), FAGE (a dummy variable that takes the value 1 if the recommendation 'F'ollows an earnings announcement date by less than 10 days and 0 otherwise), CAGE (a dummy variable that takes the value 1 if the recommendation is issued contemporaneously, i.e. on the same day, to an earnings announcement), TIMELINESS (the number or recommendations issued during the previous month on the same firm) and ASYM (a dummy that equals one for upgrades and zero otherwise interacted with the surprise). As the models we estimate include both recommendation upgrades and downgrades, all our controls are multiplied by a variable that takes the value 1 if the recommendation revision is an upgrade, -1 if it is a downgrade, and zero otherwise. We report heteroskedasticity and serial correlation robust t-statistics in parenthesis below their corresponding coefficient. , where the values of 0 t and 1 t are expressed in days. SURP is the surprise, or difference, between each newly issued recommendation and the last recommendation previously released by the same analyst on the same firm. The values 1 to 5 are respectively assigned to Strong Buys, Buys, Hold, Sell, and Strong Sell recommendations. SURP therefore takes discrete values that range from -4 to +4. COUNTRYSP (SECTORSP) is a dummy variable that is equal to 1 if the recommendation is issued by a country specialist (sector specialist) and 0 otherwise. The set of controls variables includes BRKSIZE (a dummy variable that takes the value 1 if the recommendation was issued by an analyst working for a large brokerage house and 0 otherwise), NUMANA (the number of analysts having issued recommendations on the firms over the last 360 days), PAGE (a dummy variable that takes the value 1 if the recommendation 'P'recedes an earnings announcement date by less than 10 days and 0 otherwise), FAGE (a dummy variable that takes the value 1 if the recommendation 'F'ollows an earnings announcement date by less than 10 days and 0 otherwise), CAGE (a dummy variable that takes the value 1 if the recommendation is issued contemporaneously, i.e. on the same day, to an earnings announcement), TIMELINESS (the number or recommendations issued during the previous month on the same firm) and ASYM (a dummy that equals one for upgrades and zero otherwise interacted with the surprise). As the models we estimate include both recommendation upgrades and downgrades, all our controls are multiplied by a variable that takes the value 1 if the recommendation revision is an upgrade, -1 if it is a downgrade, and zero otherwise. We report heteroskedasticity and serial correlation robust t-statistics in parenthesis below their corresponding coefficient. where the values of 0 t and 1 t are expressed in days. SURP is the surprise, or difference, between each newly issued recommendation and the last recommendation previously released by the same analyst on the same firm. The values 1 to 5 are respectively assigned to Strong Buys, Buys, Hold, Sell, and Strong Sell recommendations. SURP therefore takes discrete values that range from -4 to +4. COUNTRYSP (SECTORSP) is a dummy variable that is equal to 1 if the recommendation is issued by a country specialist (sector specialist) and 0 otherwise. HACTG (1-HACTG) is a dummy variable that equals 1 if ACTG is above (below) the median and 0 otherwise. HPROT (1-HPROT) is a dummy variable that equals 1 if PROT is above (below) the median and 0 otherwise. HMKTSIZE (1-HMKTSIZE) is a dummy variable that equals 1 if the national market capitalization is above (below) the median and 0 otherwise. LOCAL is a dummy variable that equals 1 if the analyst is located within the same country as the firm for which the forecast is issued. DISTANCE is a dummy variable that equals 1 if the analyst is located less than 100 kilometers away from the firm. HFACTOR is a dummy variable that equals 1 if the recommendation is issued on a firm headquartered in a country with a country factor above the median and 0 otherwise. HSTD is a dummy variable that equals 1 if the country standard deviation is above the median and 0 otherwise. The set of controls variables includes BRKSIZE (a dummy variable that takes the value 1 if the recommendation was issued by an analyst working for a large brokerage house and 0 otherwise), NUMANA (the number of analysts having issued recommendations on the firms over the last 360 days), PAGE (a dummy variable that takes the value 1 if the recommendation 'P'recedes an earnings announcement date by less than 10 days and 0 otherwise), FAGE (a dummy variable that takes the value 1 if the recommendation 'F'ollows an earnings announcement date by less than 10 days and 0 otherwise), CAGE (a dummy variable that takes the value 1 if the recommendation is issued contemporaneously, i.e. on the same day, to an earnings announcement), TIMELINESS (the number or recommendations issued during the previous month on the same firm) and ASYM (a dummy that equals one for upgrades and zero otherwise interacted with the surprise). As the models we estimate include both recommendation upgrades and downgrades, all our controls are multiplied by a variable that takes the value 1 if the recommendation revision is an upgrade, -1 if it is a downgrade, and zero otherwise. We report heteroskedasticity and serial correlation robust t-statistics in parenthesis below their corresponding coefficient. *** 
